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Abstract

In the learned machine learning, the performance of machine learning degrades at the same time
as drift occurs in terms of learning models and learning data over time. As a solution to this
problem, I would like to propose the concept and evaluation method of ML drift to determine the
re—learning period of machine learning. An XAI test and an XAI test of an apple image were
performed according to strawberry and clarity. In the case of strawberries, the change in the XAl
analysis of ML models according to the clarity value was insignificant, and in the case of XAI of
apple image, apples normally classified objects and heat map areas, but in the case of apple flowers
and buds, the results were insignificant compared to strawberries and apples. This is expected to
be caused by the lack of learning images of apple flowers and buds, and more apple flowers and
buds will be studied and tested in the future.
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