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Abstract

Recently, large-scale artificial intelligence (AI) such as ChatGPT have been developed, and as
Al is used across various industrial fields, attention is focused on AI chips (semiconductors). Al
chips refer to chips designed for calculations for Al algorithms, and many companies at domestic
and abroad, such as NVIDIA, Tesla, and ETRI, are developing Al chips. In this paper, we survey
research trends on nine types of Al chips. Currently, many attempts have been made to improve
the computational performance of most Al chips, and semiconductors for specific purposes are
also being designed. In order to compare various Al semiconductors, each chip is analyzed in
terms of operation unit, speed, power, and energy efficiency. We introduce currently existing
optimization methodologies for Al computation. Based on this, future research directions for Al
semiconductors are presented in this paper.
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