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Abstract

This paper analyzes the impact of type effectiveness and strategic components on game outcomes
using Pokémon battle simulation log data. While existing game Al research focuses on improving
reinforcement learning algorithms, empirical analysis of strategic decision-making in actual gameplay
remains insufficient. This study empirically identifies how type effectiveness, move selection, and party
composition influence victory outcomes in turn-based strategy games using battle log data from the
VGC Al Competition winning model. We structured large-scale battle logs to perform win rate analysis
by type combinations, logistic regression analysis for quantifying independent influence of strategic
elements, and performance indicator analysis including damage output and knockout rates. Results
confirmed significant advantages in specific type combinations and statistically significant differences
between defensive and offensive strategies, with type effectiveness—based choices demonstrating
decisive influence on game outcomes. These findings possess academic significance in identifying
strategic game meta-structures through data-driven approaches and can be utilized for game Al
optimization, balancing system development, and strategic recommendation algorithms.

B keywords : Game Log ; Simulation Game ; Pokémon ; Type Effectiveness ; Strategic Composition
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