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HER,K dAHs”
(Doyoon Jung, NamHo Kim)

B =2S sLLM(small Large Language Model)S &-&3lo] A2 A4 AAL wEd v 2
NCS(E7HF 8 3R E 8 W7t 43 A& Al28e F5ehe S Jx= g

B e g 71 oAl A} 9 =4 LLaMa3 Instruct 2S48 A19lo] A 71eS T8 94
o] B4 uh= AES Aeoz At Bt A 212 J4 HrHE 7bssiAl gtk Ao M 4% 54
$&l Jaccard FAFE, Cosine FAFE, SequenceMatcher FAE 4S5 Algsle] 22 A4 73 Ho]g AEQ
dsS vlastoieh. A3 Az 2051719 lolE] H]E % 0& %338} SequenceMatcher, Jaccard, Cosine fAH=
= ZFZF 204970, 196271, 1963712 HAIE R o, Hit FAFEE SequenceMatcher 44.3%, Jaccard 30.9%, Cosine
52.4%% UERstTE 3k dlolE AEe] Hif ‘IT}\]'E‘C‘ SequenceMatcher 99.9%, Jaccard 95.6%, Cosine 95.7%
2 JA=HA

)
oX,
i
Mo

N

B 40 sLIM ; JAZAXHAL ; 7 F583E 5 Ade] A ; ¢4EY Hrh A2
Abstract

This paper aims to build an evaluation result production system that integrates career aptitude tests, customized
multi-job aptitude questionnaires, and NCS (National Competency Standards) using sLLM (small Large Language
Model). This study enables more accurate career aptitude evaluation by automatically generating questions that fit the
characteristics of respondents through natural language processing technology using web-based applications and open
source LLaMa3 Instruct models. To measure the performance of natural language processing, Jaccard similarity, Cosine
similarity, and SequenceMatcher similarity analysis were used to compare the performance of career aptitude-related
data sets. As a result of the experiment, among 2,001 data sets, 2,049, 1,962, and 1,963 SequenceMatcher, Jaccard, and
Cosine similarities exceeding 0 were counted, respectively, and the average similarities were 44.3% for
SequenceMatcher, 30.9% for Jaccard, and 52.4% for Cosine. Additionally, the average similarity rates of the dataset
were calculated as 99.9% for SequenceMatcher, 95.6% for Jaccard, and 95.7% for Cosine..
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13 8. sLLM natural language query results screen for
career aptitude
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