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Abstract

The recent spread of the COVID-19 virus has had a significant impact on daily life, society, and
the global economy. In this paper, we propose a computer vision-based algorithm using thermal
cameras and microphones to prevent the spread of contagious diseases like the COVID-19 virus.
This algorithm detects whether a person is wearing a mask using the YOLOv6n model trained on
thermal images, measures the person’s temperature using the detected bounding boxes, and tracks
the person to calculate the number of people present. Additionally, a microphone is used to input
a data, and a CNN model is used to recognize coughing sounds. Finally, the algorithm calculates
the pollution risk of a confined space by considering factors such as mask usage, the number of
people present, coughing sounds, the presence of high-temperature people, and the area of the
confined space. The proposed algorithm not only helps prevent the spread of highly contagious
diseases but also addresses privacy concerns by not identifying individuals, as thermal cameras are
used, thus mitigating the issue of personal data protection in computer vision systems that rely on

cameras.
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