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Abstract

The recent proliferation of multimedia data necessitates the effectively and efficiently retrieving of multimedia
data. These research not only focus on the retrieving methods of text matching but also on using the multimedia
data features. Therefore, this paper is a similarity measurement method of trajectory using indexing information
of moving object in video. for similarity measurement. This method consists of 2 steps. Firstly, Video data is
processed indexing for trajectory extraction of moving objects using CCTV. Finally, we describe to compare
DTW(Dynamic Time Warping) to TSR(Tansent Space Representation) algorithm.
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