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Abstract

The growth of the propagated NFC provides the various services with respect to internet applications, which it
can be predicted from the simple internet services to the privated services. This paper proposes the clustering of
information retrieval system model using NFC tag of access information for utilizing the similar information of the

tag. The proposed model can search the similar information of the tag using the access information of NFC tag.

In addition, it can cluster the similar retrieval information into topic cluster for utilizaing users.
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