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Abstract

As an organization or organization grows in size, many different types of data are being generated in different
systems. There is a need for a way to improve efficiency by processing data smarter in different systems. Just
like DatalLake, we are creating a single domain model that accurately describes the data and can represent the most
important data for the entire business. In order to realize the benefits of a Datalake, it is import to know how
a DatalLake may be expected to work and what components architecturally may help to build a fully functional
DatalLake. DatalLake components have a life cycle according to the data flow. And while th data flows into a
DatalLake from the point of acquisition, its meta—data is captured and managed along with data traceability, data
lineage, and security aspects based on data sensitivity across its life cycle. According to this reason, we have
designed the DatalLake Framework based on Abyss Storage Cluster.

B keywords : DatalLake Framework; Abyss Storage Cluster;

}lv o= %iﬂ;ﬁﬂ/ﬂ _L}‘F,] o]— [ﬂo]]_}]

2~(Data Warehouse)S ©]-&3}aL
th 25y S8 += 9dolEBig Data)E &3l F27

dolEE 7ol ofe) SHeA £ A -

] E

]
= o]~ (use case)E°] S7FstaL glom, 7oA Aels= b
!

A ®2 719EdA T2 7] OlHEL th¥et FH R digstE o] el wpeba o] E &84

4ol 7HA = Holy FA o2 Walata gtk 7YddAE % o2 AT F = dlolE dolZ(Data Lake)7t A2t 5

71l A A (repository) ol A=E Akl AMEshE @ S W Qe Aot} 2

o WS ARG £ o adE FEE, }31}«] oJ A} 71 B 23S H2Y A AlzE bk AA g &
7]

ARl =ws 771 s,

" M3 FaE|se MX|HMAEFEFEE

T Ml Muistm stm)

% This research was supported by Basic Science Research Program through the National Research Foundation of Korea (NRF) funded by the
Ministry of Science, ICT and Future Planning (2017R1E1A1A03070059).

® E olPE ZAMKT|ARE} shRANT| SRS K| SRS MAI (MM S RO00B020)' 22 $HE o17AR uct
Rt 20184 01€ 08Y AME™Y 20184 02 202
THUX}L 20184 01€ 24 WMANAL: ZHE2 e-mail : jongwon@gist.ac.kr



10 2018 03

Smart Media Journal / Vol.7, No.1 / ISSN:2287-1322
http://dx.doi.org/10.30693/SMJ.2018.7.1.10
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