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Abstract

This paper proposes an optimal gain modification method of the Multichannel Wiener filter (MWF) using
speech presence probabilities. Conventional gain modification methods of MWZFs have the problem of the
increase of speech distortions while reducing residual noises with its relative heuristic approach. However,
the proposed optimal gain modification method, derived by solving the unconstrained minimization problem
of the probability-involved cost function, reduces amounts of residual noises and signal distortions
simultaneously. Through an evaluation of the filtered waveforms and spectrograms, it is verified that the
proposed method results in an improved SNR with less signal distortions compared to the conventional MWE.
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