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Abstract

This paper proposes a vehicle license plate recognition system using light weight deep learning models without
high-end server. The proposed license plate recognition system consists of 3 steps: [license plate
detection]-[character area segmentation]-[character recognition]. SSD-Mobilenet was used for license plate
detection, ResNet with localization was used for character area segmentation, ResNet was used for character
recognition. Experiemnts using Samsung Galaxy S7 and LG Q9, accuracy showed 85.3% accuracy and around 1.1

second running time.
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